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Abstract

It has been recently suggested that combining items from quantitative behavioral tasks and
qualitative self-reports can enhance the accuracy of elicited preferences. An important question
that still needs to be addressed is whether the order in which participants encounter quantitative
and qualitative items influences the preferences elicited. We explore this question through
three studies with a total of 3,000 participants, where we elicit preferences about risk, time-
discounting, and altruism in variations of two conditions: ‘Quantitative First’ and ‘Qualitative
First’. We find significant and systematic order effects. Eliciting preferences through qualitative
items first increases inferred patience and altruism (magnitude), while using quantitative items
first enhances the cross-method correlation for risk and time preferences (consistency). While
monetary incentivization inoculates time-discounting quantitative measures from magnitude
order effects, altruism preferences are still affected. Moreover, framing qualitative items in a

financial context increases consistency across methods.
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1 Introduction

Social scientists study human preferences and resulting behavior through the lens of three funda-
mental trade-offs: risk vs. return, today vs. tomorrow, and self vs. others. Accurately eliciting
individuals’ preferences along these dimensions carries significant implications across various ap-
plications, making it crucial for designing and developing better institutions and organizations.
For example, knowledge about risk, time discounting, and altruistic preferences helps institutions
design healthcare plans, pension schemes, and redistribution policies better suited to the citizens
they set out to service. Similarly, organizations and management boards can utilize this information
to develop products better suited to their customers, design more appropriate dynamic incentive
schemes, and allocate their personnel into teams more efficiently.

We can broadly distinguish between two approaches in eliciting such preferences. The ‘quantita-
tive’ approach infers preferences by observing people’s choices, typically involving options expressed
in monetary units. Conversely, the ‘qualitative’ approach involves asking people to self-assess and
directly report their preference profile through some scale. An advantage often associated with
quantitative items is their amenability to monetary incentivization, rendering them robust to mea-
surement issues like inattention or the ‘talk is cheap’ criticism, wherein individuals respond based
on social or self-image concerns rather than their actual preferences under monetary consequences.
Conversely, qualitative items are easier to explain to subjects as well as faster and cheaper to imple-
ment. These qualities have contributed to the widespread use of such hypothetical survey items in
large-scale surveys such as the German Socio-Economic Panel or the National Longitudinal Study
of Youth (US-based).

Ideally, these two approaches would lead to similar conclusions. However, substantial evidence
indicates otherwise, with several studies reporting alarmingly low correlations between quantitative

and qualitative measures—especially in the domain of risk preferences where this question has been



primarily investigated (e.g., Lonnqvist et al. 2015; Pedroni et al. 2017; Frey et al. 2017; Holzmeister
and Stefan 2021). This preference ‘elicitation puzzle’ raises important questions at both theoretical
levels (regarding the nature of preferences and how to optimally model those) and practical levels
(which approach is more predictive of future choices).

One possible explanation for this puzzle is that human preferences are multifaceted and, there-
fore, cannot be fully captured by the response to a single item. Indeed, recent evidence suggests that
combining responses collected from a variety of different items can reduce measurement error and
increase the correlation between experimental data and behavior observed in the field (Haesevoets
et al., 2020, 2022; Wang and Navarro-Martinez, 2023). A prominent example of such a multi-layered
elicitation approach is the ‘preference survey module’ (Falk et al., 2023) and its streamlined variant
that was used in the ‘Global Preference Survey’, which has already been utilized in one of the most
extensive preference elicitation efforts, involving approximately 80,000 people across 76 countries
(Falk et al., 2018). Seeking to harness the best of two worlds, this method elicits several preference
dimensions (risk aversion, time discounting, trust, altruism, as well as positive and negative reci-
procity) through both qualitative and quantitative items and then aggregates the two into a single
score.

In this paper, we investigate whether the order in which qualitative and quantitative measures
are presented influences the inference of preferences. Unlike previous studies, such as those by
Pedroni et al. (2017) and Falk et al. (2018), which employed these measures in a fixed order, our
study systematically manipulates the order at the treatment level. Furthermore, extending the
analysis of Pedroni et al. (2017), which focused exclusively on risk, we expand the scope to include
time discounting and altruism.

Order effects occur when prior experience with one part of the experiment (or survey) affects

responses in a subsequent part. Some of the most commonly suggested mechanisms underpinning



them include ‘anchoring’ (Slovic 1967; Tversky and Kahneman 1974; see Furnham and Boo 2011,
for a review), ‘priming’ (Bargh et al. 1996, but see also Weingarten et al. 2016 for a more recent
meta-analysis), a ‘preference for consistency’ (Cialdini, 1984; Falk and Zimmermann, 2013, 2017), as
well as several types of ‘wealth effects’ (Thaler and Johnson, 1990). To control for them, researchers
often prefer between-subjects protocols, where subjects are exposed to one condition only, to avoid
potential interaction effects, even at the cost of additional statistical power that would come from
a within-subjects protocol (see Charness et al. 2012 for a discussion). More broadly, randomizing
the order of items within a treatment and the order of treatments in within-subjects protocols
is almost always considered good practice. Moreover, whenever subjects face multiple monetarily
incentivized items, mechanisms such as the random incentive lottery are in place to control various
types of wealth effects (Starmer and Sugden, 1991).

Despite efforts to prevent order effects from occurring, it is still important to investigate them in
the context of eliciting preferences for at least two reasons: First, randomization may not always be
possible, not least because of logistical challenges that come with large-scale experiments or surveys
Two relevant examples of this are Pedroni et al. (2017) where quantitative items were always elicited
first and Falk et al. (2018) where the opposite was the case. In such cases, knowing if and how order
effects will likely affect conclusions about preferences would be informative. Second, discovering
order effects and analyzing how they arise can yield valuable insights into the nature of preferences
with significant conceptual and practical implications.

Magnitude order effects occur when exposure to certain stimuli in one part of the experiment
(or survey) affects the elicited preference by increasing or decreasing its reported intensity. For
example, scaling up the monetary stakes of risky options in subsequent tasks has been shown
to affect measurements of risk aversion beyond what can be attributed solely to risk preferences

(Harrison et al., 2005; Holt and Laury, 2005).



Consistency order effects occur when the order in which two (or more) items are encountered
affects the correlation between the measures associated with those tasks. For example, when
subjects are asked to rate their life-satisfaction and their dating frequency over the past month,
the answers to these questions exhibit differing degrees of correlation depending on the order they
were asked (Strack et al., 1988; Kahneman et al., 2006).

We conduct online experiments in three studies with a total of 3,000 participants, where we
elicit preferences about risk, time discounting and altruism in variations of two conditions. In
‘Quantitative First’, quantitative items are elicited before qualitative ones for every preference di-
mension, while in ‘Qualitative First’, the opposite is the case. Both qualitative and quantitative
items are based on adaptations of the preference survey module (Falk et al., 2023). This mod-
ule elicits quantitative measures for risk and time-discounting through hypothetically incentivized
multiple price lists and uses a hypothetical donation question for altruism. Qualitative measures
are always elicited through a simple self-assessment question.

Across three studies we investigate how manipulations related to the incentivization and framing
of these preferences can account for magnitude and consistency order effects. Adding to previous
literature reporting low cross-method correlation in the domain of risk, our findings reveal that
preferences elicited from quantitative and qualitative methods also exhibit relatively low correla-
tions in the domains of altruism and time-discounting. However, the more relevant contribution of
this paper is that we observe systematic order effects. Concerning magnitude order effects, eliciting
preferences through qualitative items first enhances inferred patience and altruism. The incentive-
compatible implementation of quantitative measures inoculates time preferences from such effects
but not preferences regarding altruism. Regarding consistency order effects, using quantitative
items first increases the cross-method correlation for risk and time preferences. Interestingly, re-

framing qualitative items in the context of financial decision-making, such asymmetries disappear



for time discounting preferences and are mitigated for risk preferences. We discuss the implications
of our findings in the context of nudging interventions aiming to increase charitable giving as well

as for our understanding of the nature of preferences.

2 Methods

We conduct three studies, each with 1,000 subjects that we recruit online through Prolific Academic.
The median completion time for sessions in Studies 1 and 3 was four minutes while for Study 2,
it is five minutes. Each participant received a flat fee of £1 for their participation in Study 1 and
£0.8 in Studies 2 and 3. Additionally, in Study 2, one out of twenty participants had one of their
answers in the quantitative questions (across all three items) played out for real, which earned
those subjects an additional £16 - on average. In Study 2, we implement a 1 to 10 exchange rate
between the monetary units presented on screen and the actual payoff. The monetary units on
screen correspond to the same values as in Studies 1 and 3 with the exception of the preference for
altruism, where we compress the range to 1-100 instead of 1-1000.

In every study, we randomly assign participants to one of two treatments: ‘Quantitative First’ or
‘Qualitative First’. The only difference between the two treatments is that in the Quantitative First
(Qualitative First) treatment, participants encounter the quantitative (qualitative) item before the
qualitative (quantitative) one.

In Study 1 we implement the baseline preference survey module, in Study 2 we introduce
incentive-compatibility for quantitative items, while in Study 3 we introduce financial context when
formulating the questions in qualitative items. In each study, subjects encounter the preference
dimension in a randomized order. However, within each preference dimension, the order in which
the qualitative and quantitative items are encountered is fixed and dependent on the treatment.

The items we use across these three studies are based on adaptations from the preference survey



module, as described in Falk et al. (2023). This module elicits preferences on risk, time-discounting,
altruism, and trust, as well as positive and negative reciprocity through a series of quantitative and
qualitative survey items. Both quantitative and qualitative items are hypothetically incentivized.
These items have been selected—among a broader battery of survey items that were also elicited—
based on their ability to predict choices in monetarily incentivized experiments that were conducted
with the same subjects in sessions one week apart.

Qualitative items consist of questions asking subjects to self-assess their preference (either
in general or compared to others) while quantitative items are hypothetical versions of the task
included in the incentivized choice experiment. Except for positive reciprocity, the module is
symmetric, containing a quantitative and a qualitative item for each preference dimension.

Table 1 provides an overview of the preference survey module and its adaptations across our
three studies. We focus on three preference dimensions: risk, time-discounting, and altruism. We
distribute the survey in an online, computerized setting. Subjects see only one question at a
time, and once an answer is submitted, they can no longer go back and change it. Importantly,
in our implementation of the preference survey module, we vary the order in which quantitative
and qualitative items are encountered on a treatment level. Falk et al. (2023), when validating
the preference survey module, did not randomize this order. There, qualitative items were always
elicited first for all preference dimensions, and only then quantitative items are administered. That
same, fixed order is maintained in the implementation of this module in the Global Preference
Survey (Falk et al., 2018).

The quantitative item for eliciting risk preferences consists of a multiple-price list. Participants
make 31 choices between a lottery offering a high and a low outcome with equal (50%) chance
and a safe option offering a monetary amount with certainty (100% chance). The lottery remains

constant across choices while the safe option ranges from the highest (£300) to the lowest amount



Table 1: The preference survey module adapted from (Falk et al., 2023)

Preference

Quantitative item

Qualitative item

Risk-Taking

Multiple price list of 31
[hypothetical] choices be-
tween a 2-outcome lottery
and a monetary amount of-
fered with certainty

How do you see yourself:
Are you a person who is
[generally| willing to take
risks, or do you try to avoid
taking risks?

Time-Discounting

Multiple price list of 25
[hypothetical choices be-
tween an early payment ‘to-
day’ and a delayed payment
‘in 12 months’

In comparison to others,
are you a person who is
[generally| willing to give
up something today in or-
der to benefit from that in
the future?

Altruism

A [hypothetical| alloca-
tion of money to charity

How do you assess your
willingness to share with

others without expecting
anything in return when it

comes to charity?

Note. We implement an incentive-compatible compensation scheme for Study 2 and, therefore, change the
hypothetical wording accordingly. Moreover, Study 2’s altruism question features a drop-down menu with
a list of well-known charities, including an option to specify a charity of their own if none of the already
provided options suits them. For Study 3, we change the term ‘generally’ from the qualitative items and
replace it with terms that reflect ‘financial decisions’. Detailed instructions can be found in the Appendix.

(£0) offered by the lottery. Study 2 introduces a 1 to 10 exchange rate according to which the
high outcome is worth £30 while the safe option ranges from £30 to £0. Although we keep the
numerical values of the outcomes that subjects see on-screen the same across the three studies, we
remove the ‘£’ symbol from Study 2 and specify that there is a 1 to 10 conversion rate between the
monetary units seen on screen and their actual potential payoff. This specification is similar for the
quantitative items of time and altruism too. This type of task is commonly used in the literature
to infer risk preferences (see ? for a review). Here, as well as in the multiple price list for time-
preferences, we impose a single-switching point and, therefore, avoid violations of monotonicity
that are commonly attributed to errors from inattention. Switching from the safe amount to the
when the safe amount is closer to 0) reveals higher risk-aversion (lower risk

lottery ‘late’ (i.e.

tolerance). This is consistent with Expected Utility Theory (Bernoulli, 2011) whereby risk-averse



people are willing to forego some return in order to avoid variance. There is, however, a wealth of
literature providing additional nuances to this fundamental trade-off. Prominent examples include
Cumulative Prospect Theory (Tversky and Kahneman, 1992), Regret Theory (Loomes and Sugden,
1982), but see also Starmer (2000) for a more extensive overview.

The quantitative item for time-discounting also uses a multiple-price list. In this case, the list
consists of 25 choices between a payment today and a payment in 12 months. The payment today
is fixed at £100 while that in 12 months ranges from £100 to £185. According to the 1 to 10
exchange rate we introduce in Study 2, the payment today is worth £10 while that in 12 months
ranges from £10 to £18.5. Switching from the immediate payment to that in 12 months ‘early’
(i.e. where the delayed payment is close to £100) is associated with higher degrees of patience. In
the context of the classical Discounted Utility model (Samuelson, 1937), this would correspond to
a discounting factor closer to 1. Just as in risk preferences, however, there is a wealth of models
incorporating more nuanced behavioral insights related to time preferences (see relevant reviews in
Laibson 1997; Frederick et al. 2002).

Lastly, the quantitative item for altruism elicits the extent to which people are willing to give
up money in order to improve someone else’s material payoff or well-being. The higher (lower)
the proportion of someone’s own endowment that is allocated to another party, the more altruistic
(selfish) the individual is deemed to be. In the preference module, this is implemented through
a simple scale, with one end indicating the entire allocation (£1000) to oneself while the other
end is to charity. In Study 2, we re-scale the initial endowment that participants see down to
100 monetary units. Given the 1 to 10 conversation rate that we implement in Study 2, this now
corresponds to a value of £10.

In the experimental literature, altruistic behavior has most commonly been studied through

the dictator game where a player decides how much of an endowment to keep for themselves and



how much they want to transfer to a second party who has a passive role (Forsythe et al., 1994).
However, variations such as the one we implement here, where the second party is replaced with
a non-profit institution outside the laboratory, are also common (Eckel and Grossman, 1996).
Irrespective of the task used to elicit charitable giving, the consensus is that people exhibit a
preference for giving; a conclusion running against the neoclassical account of a selfish agent who
only cares about maximizing individual payoff.

For the qualitative items we always use scales that allow for different levels of agreement to a
certain statement. The statements can be seen in the third column of Table 1, while the degrees
of agreement range from 0 to 10. The text associated with ‘0’ is: ‘Completely unwilling to take
risks’, ‘Completely unwilling to give up something today’, and ‘Completely unwilling to share’ for
risk, time, and altruism preferences, respectively. That for ‘10’ is identical, except that statements
begin with ‘Very willing’. The formulations of these qualitative self-reports are based on items in
existing surveys, like the German Socio-Economic Panel Study (SOEP), the National Longitudinal
Study of Youth (NLSY) as well as previous research (e.g., Weber et al. 2002; Perugini et al. 2003).

The final measures for all six items are standardized between 0 and 1. For the qualitative
measures, we take the degree of agreement and divide it by the range of the scale (‘10 for all
three survey items). Similarly, for the quantitative measure of altruism, we divide the amount
contributed by the range of that scale (1,000 monetary units in Studies 1 and 3; 100 monetary
units in Study 2). For the quantitative measures for risk and time-discounting preferences, we take
the switching point and divide it by the number of available items (‘31" for risk; ‘25’ for time). In
every case, a standardized score of ‘1’ corresponds to extreme risk tolerance, patience, and altruism
(and vice versa for ‘0’).

We use these standardized measures to examine the presence and size of order effects. We

distinguish between two types of order effects: magnitude and consistency. Magnitude order effects



are measured in the difference in average risk tolerance, patience or altruism between the two treat-
ments for each measure. Consistency order effects are measured in the difference of the correlation
coefficient between preferences inferred via quantitative and qualitative items. We use Wilcoxon
rank-sum and Fisher’s z tests to test for the statistical significance of treatment differences in
magnitude and consistency order effects respectively. Our analysis plan and recruitment protocol
is common for all 3 studies and has been pre-registered. The pre-registration can be accessed at

https://aspredicted.org/44K_1R5.

3 Results

Figure 1 provides a visual impression of our data across preference dimensions, treatments, and
studies. The y-axis captures the measure of an individual in the quantitative measure while the
x-axis represents that for the qualitative measure. Points with light-blue fill correspond to measure-
ments in the Qualitative First treatment while those with light red derive from the Quantitative
First treatment. The constant and slope of the plotted linear models derive from Ordinary Least
Squares regressions of quantitative on qualitative measures.

Focusing on Study 1 (top row), we can see from the partial density plots that distributions of
preference measures within each elicitation method are more similar than across methods. Nonethe-
less, the distribution of individual measures in the Qualitative First treatment is shifted towards
higher values. This is particularly evident for time and altruism, foreshadowing the presence of
significant magnitude order effects.

The higher slope in Quantitative First relative to Qualitative First in risk and time preferences
points towards the conclusion that encountering quantitative items before qualitative ones increases
the cross-method correlation in these preference dimensions. One exception to this is with respect

to altruism, where the opposite appears to be the case. Nonetheless, the difference in slope between
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Figure 1: Scatterplots of quantitative and qualitative measures across treatments and studies, with
partial density plots
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the two treatments is smaller and as pointed out in a later stage of the analysis, not statistically
significant.

These patterns are largely similar in Studies 2 and 3, albeit with two notable exceptions. First,
the mean of quantitative measures in Study 2 remains unchanged across treatments for risk and
time preferences, suggesting that incentive compatibility mitigates magnitude order effects that
occur when qualitative items precede quantitative ones. Second, the slope difference, evident in
Studies 1 and 2 in time preferences, disappears in Study 3. This suggests that (at least part of)
the apparent dissonance between the two elicitation methods is due to differences in context. Our

statistical analysis supports these visual impressions.

3.1 Magnitude order effects

Table 2 focuses on magnitude order effects, reporting the averages for each measure, as well as
the p-values derived from the Mann-Whitney (MW) tests. In Study 1, where quantitative items
are hypothetically incentivized and qualitative items are framed in a general context, subjects’
behavior is consistent with higher levels of patience and altruism in Qualitative First compared to
Quantitative First (time: p = 0.001; altruism: p < 0.001). There is no significant difference for risk
(p = 0.592). The same tendency is observed for measures obtained from qualitative items. Subjects
in Qualitative First self-report higher degrees of patience (p < 0.001) and altruism (p < 0.001)
compared to Quantitative First. Again, risk preferences are impervious to such magnitude order
effects (p = 0.249).

In Study 2, we introduce an incentive-compatible scheme for quantitative items. Just as in
Study 1, we observe no magnitude order effects for risk preferences (p = 0.549). In addition, we see
that monetary incentivization in an incentive-compatible way inoculates quantitative measures from

magnitude order effects in time discounting preferences (p = 0.274), which were present in Study
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Table 2: Magnitude order effects

Quantitative measures Qualitative measures
Study 1 Hypothetical incentives General context
Quant-First Qual-First p-value Quant-First Qual-First p-value
. 0.354 0.355 0.471 0.455
Risk (0.235) (0.222) U092 (0.230) (0.221) 024
. 0.416 0.478 0.615 0.695
Time (0.311) (0.201) 001 (0.227) (0.182) 0000
. 0.063 0.104 0.544 0.705
Altruism | 1 19) (0.134) 000 (0.268) (0.199) 0000
Study 2 Incentive compatible General context
. 0.415 0.404 0.463 0.497
Risk (0.260) (0.256) 094 (0.226) (0.249) 010
. 0.418 0.44 0.633 0.701
Lime (0.318) (0.312) 02T (0.215) (0.194) 0000
. 0.318 0.393 0.653 0.724
Altruism | ) o7 (0.283) 000 (0.238) (0.211) 000
Study 3 Hypothetical incentives Financial context
. 0.345 0.364 0.443 0.417
Risk (0.226) ©0.249) 97T (0.222) (0.248) 0097
. 0.440 0.500 0.683 0.717
Time (0.323) (0.306) 00V (0.225) (0.212) 0012
. 0.067 0.085 0.519 0.657
Altraism |5y ©0.109) %00 (0.287) (0.239) 000

Note. Average measures for elicited preferences. Standard deviations in parentheses. ‘Quant-First’, refers
to the treatment in which subjects encounter the quantitative item before the qualitative one. ‘Qual-First’
refers to the treatment where the opposite is the case.

1. However, people are still behaving more altruistic in Qualitative First compared to Quantitative
First (p < 0.001). This translated into an average increase of 24% of monetary contributions to
charities (from £3.18 to £3.93).

Moreover, magnitude order effects are still present in qualitative items. Subjects in Quantitative
First self-assess to be more risk averse, impatient, and selfish compared to those in Qualitative First.
These effects are consistently statistically significant at 5% level in MW tests (risk: p = 0.016; time:
p < 0.001; altruism: p < 0.001).

The results from Study 3 further reassure us that incentive compatibility is the key driver

behind this inoculation effect. When we revert to hypothetical incentives for quantitative items,
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the magnitude order effect reappears in time preferences for quantitative measures (p = 0.004). This
suggests that aligning the context so that it prompts financial decision-making across elicitation
methods does not affect magnitude order effects (but does impact consistency order effects, as we
discuss in the next section).

Just like in all of our three studies, there are no magnitude order effects in quantitative measures
for risk (p = 0.577) while there are statistically significant ones for altruism (p < 0.001). We also
observe the same pattern in qualitative measures as in Studies 1 and 2. Specifically, subjects
in Quantitative First self-report higher levels of impatience and selfishness compared to those
in Qualitative First. These effects are consistently statistically significant at 5% level in MW
(time: p = 0.014; altruism: p < 0.001). Risk preferences are an exception, where people’s self-
assessment is consistent with higher risk tolerance in Quantitative First rather than in Qualitative
First. Nonetheless, this is significant only at 10% (risk: p = 0.057).

Our nominal comparisons and statistical analyses are conducted across treatments and within
each study. Nonetheless, it is worth noting that average measures are remarkably consistent across
studies for each preference dimension and each elicitation method. One exception to this concerns
altruism, where the quantitative measure in Study 2 is strikingly higher than that in Study 1 or 3
(from an average of 0.084 and 0.076 in Study 1 and 3 respectively to an average of 0.356 in Study
2). This is most likely because the scale was readjusted from 1-1000 (Study 1 and Study 3) to 1-100

(Study 2).

3.2 Consistency order effects

Table 3 summarises the Pearson and Spearman-rank correlations between quantitative and quali-
tative measures. To test whether these correlations were statistically significant across treatments,

we conduct Fisher z-tests and report their p-values. In Study 1, we observe that the cross-method
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correlation between quantitative and qualitative measures increases significantly in the Quantita-
tive First treatment compared to the Qualitative First one. This is true for both risk (p = 0.070)
and patience (p < 0.01) but not for altruism (p = 0.295).

This pattern remains the same in Study 2, with the introduction of monetary incentives (risk:
p = 0.028; time: p < 0.001; altruism: p = 0.467). However, introducing financial context in
qualitative items mitigates this asymmetry. Specifically, although the cross-method correlation is
still (weakly) significantly higher in Quantitative First compared to Qualitative First (p = 0.083),
the cross-method difference in correlation for time preferences is no longer statistically significant
(p = 0.607). Like in Studies 1 and 2, the cross-method correlation for altruism does not differ

significantly across treatments (p = 0.607).

Table 3: Consistency order effects

Study 1 Quantitative measures: Hypothetical incentives/
Qualitative measures: General context
Quant-First Qual-First Fisher z-test
Pearson Spearman | Pearson Spearman (p-value)
Risk 0.274 0.297 0.165 0.228 0.070
Time 0.485 0.483 0.268 0.274 0.000
Altruism | 0.284 0.334 0.344 0.365 0.295
Study 2 Quantitative measures: Incentive compatible/
Qualitative measures: General context
Risk 0.276 0.296 0.144 0.189 0.028
Time 0.486 0.488 0.282 0.280 0.000
Altruism | 0.405 0.400 0.366 0.367 0.467
Study 3 Quantitative measures: Hypothetical incentives/
Qualitative measures: Financial context
Risk 0.285 0.317 0.181 0.216 0.0831
Time 0.409 0.409 0.382 0.344 0.607
Altruism | 0.306 0.410 0.264 0.329 0.471

Note. Pearson and Spearman correlations between quantitative and qualitative measures. ‘Qual-First’ refers
to the treatment in which subjects encounter the qualitative item before the quantitative one for every
preference dimension. ‘Quant-First’ refers to the treatment where the opposite is the case. P-values are
obtained from Fisher z-tests testing for differences between the ‘Quant-First’ and ‘Qual-First’ treatments.
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4 Discussion

Eliciting preferences accurately is of vital importance for social scientists and practitioners alike.
Alarmingly, different methods of eliciting such preferences often lead to different conclusions (e.g.
Pedroni et al. 2017). Moreover, the correlation between experimental or survey measures and
economic behavior observed in the field is not always strong (Sutter et al., 2013; Galizzi and
Navarro-Martinez, 2019). To remedy these problems, researchers increasingly employ methods
that elicit preferences through a diverse set of items. A prominent example of such a method is the
‘preference survey module’ (Falk et al., 2023) that combine qualitative (self-assessment questions)
and quantitative (choices between options framed in financial terms). A previously unaddressed
question with important methodological and theoretical consequences is whether the order in which
people respond to these items influences elicited preferences.

In this paper, we test for the presence of order effects when preferences are elicited using
quantitative behavioral tasks and qualitative self-reports within the same session. Previous studies
that have employed both types of items have typically done so in a fixed order with either qualitative
items preceding quantitative ones (e.g. Falk et al. 2023) or the other way around (e.g. Pedroni et al.
2017). In our study instead, we manipulate this order between treatments. In the Quantitative
First treatment, quantitative items precede qualitative ones while in Qualitative First, the opposite
is the case.

Across three studies, we find consistent evidence suggesting that order effects are statistically
significant and substantial, affecting both the level of the elicited measures (magnitude) as well as
their cross-method correlation (consistency).

Concerning magnitude order effects, we find that when incentives are hypothetical (Studies 1
and 3), responding in qualitative self-assessments first increases inferred patience and altruism in

quantitative and qualitative measures, compared to when people go through the quantitative item
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first. Either anchoring or a preference for consistency plausibly explain this pattern. Even though
the two scales are incompatible, responses were systematically closer to the upper end of the scale
in qualitative rather than quantitative items. Therefore, for instance, a subject self-reporting a
score near the maximum of the available scale for altruism might be anchored or feel compelled
by an implicit sense of consistency to inflate their ensuing charitable donation compared to the
alternative where the charitable donation precedes.

Moreover, in line with the ‘talk is cheap’ criticism often ascribed to qualitative measures, we
observe that incentive compatibility (Study 2) inoculates quantitative (but not qualitative) time-
discounting measures from magnitude order effects. Not all talk is cheap, however, as the quanti-
tative measure for altruism remains susceptible to magnitude order effects. Specifically, we observe
a 24% increase in charitable donations when individuals report their level of altruism before being
asked to donate compared to the reverse order. This result closely mirrors findings related to moral
nudges. Capraro et al. (2019) found that when individuals are asked what they think is the morally
right thing to do, subsequent charitable giving increases by 44% compared to when they are asked
to contribute without this moral assessment. Similarly, Andreoni and Serra-Garcia (2021) demon-
strate how individuals with time-inconsistent preferences can be prompted to increase one-time
donations by up to 50% by linking this behavior to implicit norm conformity tied to social image
concerns. We argue that the introspective nature of the self-reported qualitative items evokes nor-
mative considerations regarding the ‘right’ thing to do. In this sense, qualitative questions tap into
a mechanism similar to that described in moral nudges. Exploring this mechanism further holds
promise for future research with implications for charitable giving. For instance, in our study, par-
ticipants were allowed to contribute up to £10. Investigating how the scale of the donated amount
influences these results in a follow-up study would be interesting.

To examine consistency order effects, we analyze cross-method correlations between quantitative
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and qualitative measures across treatments. At face value, the overall small to medium correlations
we observe in Studies 1 and 2 echo the alarming sounds of prior literature, pointing to fundamental
incongruities between the two elicitation traditions. Interestingly, we observe that eliciting quan-
titative measures before qualitative ones significantly increases the cross-method correlation for
risk and time preferences (but not altruism) across Studies 1 and 2. Both of these studies share
the common feature that qualitative questions are framed in a general context (e.g., ‘are you a
person who is generally willing to take risks?’). However, in Study 3, where we frame qualitative
measures in a financial context (e.g., ‘how do you evaluate your attitude towards risk regarding
financial investments?’), the cross-method correlation in ‘Qualitative First’ is enhanced, render-
ing its asymmetry with ‘Quantitative First’ no longer statistically significant and thus eradicating
the consistency order effects that were present in Studies 1 and 2. A similar tendency is observed
for risk-preferences, but the consistency order effect is still (weakly) significant.

These results contribute to the growing body of evidence indicating that judgments and prefer-
ences are influenced by the context in which they were elicited (Tversky and Thaler, 1990; Tversky
and Simonson, 1993; Loewenstein, 1999; Lichtenstein and Slovic, 2006; Barseghyan et al., 2011;
Dohmen et al., 2011; Stewart et al., 2015). They thus corroborate our intuition that (at least
part of) the reason for this dissonance is the general (or abstract) context in which qualitative
items are typically presented in surveys. Framing questions in abstract terms has been shown to
evoke different contexts for different people (Birnbaum, 1999). To illustrate this intuition, con-
sider the qualitative risk-preference item, which asks respondents how risk-tolerant they are ‘in
general’. This question can prompt scenarios of financial decision-making for some and health de-
cisions for others. In contrast, quantitative items typically require respondents to think in terms
of financial trade-offs, imposing a context of financial decision-making. To the extent that pref-

erences are context-dependent, and someone’s willingness to take risks in health-related decisions
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differs from that in financial ones, eliciting qualitative measures first will lead to lower correlation
scores. Conversely, when respondents are primed with the financial context embedded in quantita-
tive questions, that context carries over to the general framing of the qualitative item, enhancing
the cross-method correlation. This echoes the finding that when a specific question precedes a
general one, respondents use the information primed by the specific question to form the general
judgment Schwarz et al. (1991). According to this conclusion, apparent incongruities are (partly)
mitigated when quantitative measures are elicited first since the context is now specified as financial
decision-making.

Two interesting implications arise from this observation. First, assessing the consistency be-
tween these two elicitation traditions through generic framing in qualitative items—as is often the
case—likely leads to an overstated incongruity between the measures. Coupled with the finding by
Holzmeister and Stefan (2021) that subjects are aware of the variation they exhibit across different
elicitation methods, these results add important pieces to the ‘preference elicitation puzzle’. In light
of these results, preferences are likely more consistent than some recent findings have suggested.

Second, our finding that quantitative items involving monetary trade-offs emphasize a context
of financial decision-making has important implications for optimizing survey designs. Given that
preferences frequently display significant context dependencies, surveyors focusing on specific, non-
financial domains (like health decisions) should explicitly frame decisions in those terms. Regarding
qualitative items, while context-adjusted versions for risk, such as the questionnaire developed by
Dohmen et al. (2011), are widely available, context-adjusted equivalents for other preference dimen-
sions are less common. We introduce two self-assessment items for time-discounting and altruism,
adjust for financial context, and demonstrate how they enhance the cross-method consistency of

these measures.
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A Instructions

A.1 Risk preferences

Figures Ala and Alb depict the basic interface for eliciting risk preferences - as implemented in
Study 1. In Study 2, where we introduce an incentive compatible payment scheme, we stress
that the monetary amounts are real and remove the hypothetical framing. Although we keep the
numerical values of the outcomes the same, we remove the £symbol and specify that there is a 1 to
10 conversion rate to pounds so that 300 monetary units correspond to £30. In Study 3, we change
the context from general to financial decision making. The text for the qualitative item for risk
preferences in study 3 read as follows: ‘How do you evaluate your attitude towards risk regarding

financial investments?’

A.2 Time preferences

Figures A2a and A2b depict the basic interface for eliciting time-discounting preferences - as im-
plemented in Study 1. In Study 2, where we introduce an incentive-compatible payment scheme,
we stress that the monetary amounts are real and remove the hypothetical framing. Although we
keep the numerical values of the outcomes the same, we remove the £symbol and specify that there
is a 1 to 10 conversion rate to pounds so that 100 monetary units correspond to £10. In Study 3,
we change the context from general to financial decision-making. The text for the qualitative item
for risk preferences in study 3 read as follows: ‘In comparison to others, are you a person who is
willing to save money today in order to benefit from the financial gains of this investment in the

future or are you not willing to do so ?’
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Figure Al: Interface for eliciting risk preferences.

Please imagine the following situation: You can choose between a sure payment
of a particular amount of money, or a draw, where you would have an equal
chance of getting 300 pounds or getting nothing. We will present to you different
situations - each row represents a different situation. Option A (the draw) is the
same in all situations. Option B (the sure payment) is different in every situation.
In each row please select the option which most closely corresponds to your
preference. As you go down the rows, if in some row you choose Option A (the
draw) over Option B (the sure payment) please maintain this choice in the
following rows (where the sure payment decreases). Note that the sums of
money mentioned in this screen are hypothetical and your choice will not
influence your final payoff.

Option Option

A B
.
50% 50% 100% Chance
Chance Chance

1) £300 £0 ) O £300

2) £300 £0 O O e

3) £300 £0 O O £280
29) £300 0 O O =7
30) £300 £0 O O o

31) £300 £0 O O gt

(a) Quantitative item for eliciting risk preferences.

How do you see yourself: are you a person who is generally
willing to take risks, or do you try to avoid taking risks?

complately very

urwilling willing

o take risks to taks risks

o 1 2 3 4 5 6 7 a <] ]
O

(b) Qualitative item for eliciting risk preferences.

A.3 Altruism

Figures A3a and A3c depict the interface of the baseline preference survey module for eliciting
preferences for altruism as implemented in Study 1. In Study 2, where we introduce an incentive-
compatible payment scheme, we stress that the monetary amounts are real and remove the hypo-
thetical framing. Further, we adjust the numerical values to range from 0 to 100. We also remove

the ‘£’ symbol and specify a 1 to 10 conversion rate to pounds so that 100 monetary units cor-
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Figure A2: Interface for eliciting time-discounting preferences.

Suppose you were given the choice between the following: receiving a
payment today or a payment in 12 months. We will present to you different
situations - each row represents a different situation. Option A ("Payment
today") is the same in all situations. Option B ("Payment in 12 months") is
different in every situation. In each row please select the option which most
closely corresponds to your preference. As you go down the rows, if in
some row you choose Option B ("Payment in 12 months") over Option A
(Payment today) please maintain this choice in the following rows (where
the "Payment in 12 months" increases). Note that the sums of money
mentioned in this screen are hypothetical and your choice will not influence
your final payoff.

Option Option

A B
Payment in 12
Payment today R
1) £100.0 = (&) £100.0
2) £100.0 O O £103.0
3) £100.0 O O £106.1
23) £100.0 O O £176.9
24) £100.0 O O £180.9
25) £100.0 (&) 3] £185.0

(a) Quantitative item for eliciting time-discounting preferences.

In comparison to others, are you a person who is generally willing
to give up something today in order to benefit from that in the
future or are you not willing to do so?

cormplately unwilling wary willing

1o give up something to give up someathing

odory todday

o 1 2 3 4 5 [} 7 g 9 10
O

(b) Qualitative item for eliciting time-discounting preferences.

respond to £10. Lastly, we provide a drop-down menu with a list of well-known charities (Figure
A3Db). In Study 3, we change the context from general to financial decision-making. The text
for the qualitative item for risk preferences in study 3 read as follows: ‘How do you assess your
willingness to share with others without expecting anything in return when it comes to donating

money to charity?’
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Figure A3: Interface for eliciting risk preferences.

Imagine the following situation: you won £1,000 in a lottery.
Considering your current situation, how much would you donate

to charity?
Note that the sums of money mentioned in this screen are

hypothetical and your choice will not influence your final payoff.

0 60 100 150 200 250 300 350 400 450 500 550 600 650 700 750 800 850 900 950 1000

Select £ amount

(a) Quantitative item for eliciting preferences for altruism.

Please select the charitable organization you wish to
donate the money to.

(O Cancer Research UK

(O Save the Children UK

) British Heart Foundation
Q) British Red Cross

QO National Trust

QO Greenpeace

O Other

(b) List of charities.

How do you assess your willingness to share with others without
expecting anything in return when it comes to charity?

cornpletaty vary
unwilling to willing to
shara share
i} 2 3 4 5 [} 7 a8 L 1e]
)
s

(¢) Qualitative item for eliciting preferences for altruism.
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A.4 Subjects’ demographics

Table Al: Demographics

Study | Treatment Age Female Education Income
Studyl | Qual-First 3.924 0.665 6.282 2.438
(1.363) (0.473) (1.436) (1.116)
Studyl | Quant-First  3.875 0.612 6.243 2.506
(1.286) (0.488) (1.477) (1.126)
Study2 | Qual-First 4.209 0.546 6.274 2.523
(1.376) (0.498) (1.479) (1.106)
Study2 | Quant-First  4.260 0.520 6.246 2.500
(1.42)  (0.5)  (1.493)  (1.101)
Study3 | Qual-First 4.176 0.545 6.090 2.473
(1.423) (0.498)  (1.489)  (1.114)
Study3 | Quant-First  4.182 0.51 6.208 2.544
(1.405) (0.500) (1.488) (1.089)

Note. Standard deviations in parentheses. ‘Qual-First’ (‘Quant-First’), refers to the treatment in which
subjects encounter the qualitative (quantitative) item before the quantitative (qualitative) one for every
preference dimension.
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